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This research rigorously investigates the predictive power of classical chart pat-
terns across varied asset classes—including Indian equities, US stocks, and a diver-
sified global basket encompassing crypto, commodities, and forex—over multiple
time frames. Using probability-of-success data for ten widely recognized chart pat-
terns, the study compares their effectiveness across datasets of increasing size and
heterogeneity. The results highlight significant disparities in pattern performance,
time frame dependency, and asset-class dynamics. Contrary to popular belief in
technical analysis communities, most patterns do not provide a consistent edge in
short-term trading. However, moderate success rates in longer time frames suggest
potential utility in investment-oriented strategies.

Introduction

Technical analysis and classical chart patterns have long been staples of practitioner toolkits
for both traders and investors. Yet, the empirical evidence for the reliability and profitability
of these patterns remains contentious, especially given the diversity of global markets and the
explosion of alternative asset classes, such as cryptocurrencies.

This research paper addresses several critical questions: Do traditional chart patterns still
provide a statistically meaningful predictive advantage? Are their success rates universally
transferable across global equity, commodity, and crypto markets? How does the effectiveness
of patterns vary with the time frame of analysis? What are the implications for both short-term
traders and long-term investors?

The study encompasses over 750 global assets analyzed across nine distinct time horizons,
from intraday minute-by-minute intervals to multi-decade historical periods. By examining
both individual pattern performance and cumulative success rates, this research provides the
most comprehensive empirical assessment of chart pattern efficacy to date.

∗a research by - theqbearproject

1



Literature Review and Theoretical Framework

Chart patterns originated from the work of Charles Dow in the late 19th century and were
systematically codified by Richard Schabacker and later refined by Robert Edwards and John
Magee in their seminal work “Technical Analysis of Stock Trends.” The theoretical foundation
rests on three core assumptions: market prices discount all information, prices move in trends,
and history tends to repeat itself through recognizable patterns.

The efficient market hypothesis challenges these assumptions, suggesting that past price move-
ments cannot predict future returns. However, behavioral finance research has identified cog-
nitive biases and market inefficiencies that may create exploitable patterns. Herding behavior,
anchoring, and momentum effects can lead to the formation of recognizable chart patterns
that precede directional price movements.

Previous empirical studies have yielded mixed results. Bulkowski’s comprehensive analysis of
chart patterns found success rates ranging from 30% to 80%, but most studies suffered from
limited sample sizes or narrow market focus. This research addresses these limitations by
analyzing patterns across diverse asset classes and extended time horizons.

Data and Methodology

Data Structure The dataset analyzed consists of probability-of-success and failure for ten
major chart patterns, recorded across three increasingly broad asset universes:

NIFTY 50 and NIFTY Next 50: Comprising 100 leading Indian equities representing the most
liquid and actively traded stocks in the Indian market. This dataset provides a controlled en-
vironment focused on a single, well-regulated market with consistent trading characteristics.

Expanded Indian and US Universe: Encompassing 446 stocks from both Indian and US mar-
kets, this dataset introduces cross-market dynamics while maintaining focus on traditional
equity instruments. The inclusion of US stocks adds depth from the world’s most mature and
liquid equity market.

Global Universe: Over 750 assets including stocks, cryptocurrencies, commodities, and forex
pairs. This comprehensive dataset tests pattern reliability across fundamentally different asset
classes with varying market structures, volatility profiles, and trading mechanisms.

Patterns are evaluated over nine distinct temporal intervals:

Long-term: Maximum available historical period, 10 years, 5 years

Medium-term: 1 year, 6 months, 3 months

Short-term: 1 month (15-minute intervals), 1 week (2-minute intervals), 1 day (1-minute
intervals)
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The varying granularity allows for comprehensive assessment of pattern reliability across dif-
ferent investment and trading horizons, from high-frequency algorithmic trading to long-term
strategic positioning.

Chart Patterns Assessed

This study analyzes ten fundamental chart patterns that represent the core taxonomy of tech-
nical analysis:

1. Inverse Cup and Handle

The inverse cup and handle pattern forms when an asset experiences a prolonged downtrend,
creating a rounded bottom (the cup), followed by a brief consolidation with slightly lower
lows (the handle). The pattern suggests accumulation at support levels and typically signals
a potential reversal from bearish to bullish sentiment. The theoretical logic assumes that
smart money accumulates positions during the cup formation, while weak hands are shaken
out during the handle phase, setting up conditions for an upward breakout.

2. Cup and Handle

Perhaps the most celebrated pattern in growth stock investing, the cup and handle forms
after a significant advance, followed by a rounded correction of 20-30% (the cup), and a
smaller 10-15% pullback (the handle). Developed by William O’Neil, this pattern identifies
stocks with strong fundamental characteristics that are ready to resume their uptrend. The
cup represents institutional profit-taking and subsequent re-accumulation, while the handle
eliminates remaining weak holders before the next advance.

3. Double Bottom

The double bottom pattern occurs when an asset declines to a support level, rebounds, then
retests the same support level before reversing higher. The pattern is considered complete
when prices break above the intervening high between the two bottoms. This reversal pattern
suggests that selling pressure has been exhausted at the support level, creating conditions for
a sustained recovery. The equal or near-equal lows demonstrate the market’s inability to break
through significant support.

4. Double Top

The mirror image of the double bottom, the double top forms when an asset rallies to a
resistance level, declines, then retests the same resistance before falling. The pattern confirms
when prices break below the intervening low. This bearish reversal pattern indicates that
buying interest has been exhausted at the resistance level, suggesting a potential trend change
from bullish to bearish. The failure to achieve new highs on the second test signals distribution
by informed investors.

5. Head and Shoulders
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The head and shoulders pattern consists of three peaks, with the middle peak (head) higher
than the two outer peaks (shoulders). The pattern completes when prices break below the
neckline connecting the lows between the peaks. This classic reversal pattern represents a shift
in market psychology from bullish to bearish, with the left shoulder showing initial selling,
the head representing a final attempt to reach new highs, and the right shoulder confirming
weakening momentum.

6. Inverse Head and Shoulders

The bullish counterpart to the head and shoulders, this pattern forms three troughs with the
middle trough (head) lower than the outer troughs (shoulders). Completion occurs when prices
break above the neckline. The pattern suggests that selling pressure is diminishing, with each
successive low finding stronger support, ultimately leading to a bullish reversal.

7. Falling Wedge

A falling wedge forms when both the upper and lower trendlines slope downward, but the lower
line slopes down more steeply, creating a contracting triangle. Despite the bearish appearance,
falling wedges are typically bullish reversal patterns. The converging trendlines suggest dimin-
ishing selling pressure, while the narrowing price range indicates reduced volatility before an
eventual upward breakout.

8. Rising Wedge

Conversely, a rising wedge forms when both trendlines slope upward, but the lower line rises
more steeply than the upper line. Despite the bullish appearance, rising wedges often signal
bearish reversals. The pattern indicates that buying momentum is weakening as prices struggle
to maintain their upward trajectory within the narrowing range.

9. Ascending Triangle

The ascending triangle features a horizontal resistance line and an upward-sloping support line.
This pattern typically occurs in uptrends and suggests accumulation near resistance levels.
The horizontal top indicates consistent selling pressure at a specific price level, while the rising
bottoms show increasing buying interest, eventually leading to an upward breakout.

10. Descending Triangle

Featuring a horizontal support line and a downward-sloping resistance line, the descending
triangle usually appears in downtrends. The pattern suggests distribution, with consistent
buying interest at support levels being overwhelmed by increasingly aggressive selling pressure,
ultimately leading to a downward breakdown.
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Pattern Risk-Return Profile: Success Rate vs Volatility

Analytical Approach

For each pattern, success and failure probabilities were computed across all combinations of
assets, time frames, and datasets. The analysis employs several statistical measures:

Success Rate Analysis: Mean success rates, standard deviations, and confidence intervals for
each pattern across all conditions.

Time Frame Dependency: Comparative analysis of pattern effectiveness across short, medium,
and long-term horizons.

Asset Class Sensitivity: Performance variations between traditional equities and alternative
assets.

Volatility Assessment: Standard deviation analysis to measure consistency and reliability of
pattern performance.

Risk-Adjusted Performance: Evaluation of patterns based on both success rate and perfor-
mance consistency.
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Results

Overall Pattern Performance Hierarchy

The comprehensive analysis reveals a stark hierarchy in chart pattern effectiveness. Success
rates range from a high of 68.2% for Rising Wedges to a low of 25.9% for Double Tops,
demonstrating significant variation in predictive power across different pattern types.

Average Success Rates of Chart Patterns Across All Datasets and Time Periods

Top-Tier Performers:

Rising Wedge patterns achieve the highest mean success rate at 68.2%, with observations rang-
ing from complete failure (0.0%) to exceptional performance (94.7%). Despite this wide range,
the pattern consistently outperforms random chance across most market conditions. The
18.4% standard deviation indicates moderate volatility, suggesting that while not universally
reliable, Rising Wedges provide meaningful predictive value in appropriate contexts.

Falling Wedge patterns closely follow with a 67.3% success rate and similar volatility charac-
teristics (19.6% standard deviation). The near-identical performance of both wedge patterns
suggests that the underlying market dynamics—decreasing volatility and converging price
action—create reliable setup conditions regardless of the initial trend direction.
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Inverse Head and Shoulders patterns demonstrate the most consistent performance with a
59.5% success rate and remarkably low volatility (8.1% standard deviation). This pattern’s
reliability makes it particularly valuable for risk-averse traders and systematic strategies where
consistency is prioritized over maximum returns.

Mid-Tier Patterns:

Head and Shoulders patterns achieve a 53.4% success rate, marginally above random chance
but with moderate volatility. The pattern’s widespread recognition may lead to self-fulfilling
prophecies in some cases while creating false signals when the pattern is incomplete or occurs
in inappropriate market contexts.

Cup and Handle patterns, despite their popularity in growth investing circles, achieve only a
49.6% success rate—essentially random performance. The 10.3% standard deviation suggests
consistency around this mediocre average, indicating that the pattern’s reputation may exceed
its empirical effectiveness.

Poor Performers:

Reversal patterns consistently underperform expectations. Double Bottom and Double Top
patterns achieve success rates of just 30.3% and 25.9% respectively, significantly worse than
random chance. The high standard deviations (18.1% and 15.5%) indicate that even when
these patterns occasionally succeed, their failure rate is unacceptably high for systematic
application.

Time Frame Analysis

The relationship between time frame and pattern effectiveness reveals one of the study’s most
significant findings. Long-term analysis periods consistently produce higher and more stable
success rates compared to shorter intervals.
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Time Frame Impact on Top-Performing Patterns

Long-Term Reliability

Patterns analyzed over maximum available data, 10-year, and 5-year periods show convergent
success rates in the 51-52% range with standard deviations around 12.8%. This consistency
across extended periods suggests that chart patterns may capture genuine market structure
rather than random noise. The reduced volatility in longer time frames indicates more pre-
dictable outcomes, making these patterns potentially useful for strategic asset allocation and
long-term investment decisions.

Medium-Term Volatility

One-year, six-month, and three-month analysis periods exhibit increased volatility in pattern
effectiveness. Success rates fluctuate more dramatically, with standard deviations approaching
23%. This increased uncertainty may reflect the influence of short-term market sentiment,
earnings announcements, and other fundamental factors that can override technical signals
over intermediate horizons.

Short-Term Ineffectiveness

Intraday and weekly patterns show the poorest performance with the highest volatility. Stan-
dard deviations exceeding 30% indicate that pattern success becomes largely random over

8



short time frames. Success rates frequently drop into the 35-45% range, well below random
chance, suggesting that chart patterns are ineffective for day trading and scalping strategies.

Pattern Performance Distribution by Time Period

Asset Class Performance Differentials

The analysis reveals meaningful differences in pattern effectiveness across asset classes, with
traditional equity markets demonstrating superior performance compared to alternative as-
sets.

Traditional Equity Advantage:

The combined NIFTY and Indian/US stock datasets achieve average success rates of 49.5-
49.6%, marginally outperforming the global multi-asset universe at 45.1%. This 4-5 percentage
point difference, while seemingly modest, represents a meaningful edge when compounded over
multiple trading decisions.

The superior performance in traditional markets likely reflects several factors. Chart patterns
were originally developed for equity analysis, potentially creating better fit with stock market
dynamics. Traditional exchanges also feature more consistent market structure, standardized
trading hours, and regulatory oversight that may enhance pattern reliability.

Alternative Asset Challenges:
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The global dataset’s inclusion of cryptocurrencies, commodities, and forex pairs introduces
additional complexity that appears to diminish pattern effectiveness. These markets feature
24-hour trading, different liquidity patterns, and unique fundamental drivers that may disrupt
traditional technical relationships.

Cryptocurrency markets, in particular, exhibit extreme volatility and sentiment-driven moves
that can overwhelm technical signals. Commodity markets face supply/demand imbalances
and geopolitical factors that create fundamental price dislocations independent of chart pat-
terns. Foreign exchange markets reflect complex macroeconomic relationships that may not
conform to equity-based technical analysis frameworks.

Cumulative Success Rates by Dataset and Time Period

Statistical Reliability and Risk Assessment

The study’s risk-adjusted analysis provides crucial insights for practical application of chart
pattern analysis.
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Distribution of Success Rates Across All Patterns and Conditions

High-Confidence Patterns:

Only three patterns achieve success rates exceeding 55% with reasonable volatility: Rising
Wedges (68.2% ± 18.4%), Falling Wedges (67.3% ± 19.6%), and Inverse Head and Shoulders
(59.5% ± 8.1%). These patterns merit serious consideration for systematic trading strategies,
though even they require careful risk management given their volatility ranges.

The Inverse Head and Shoulders pattern stands out for its exceptional consistency, with the
lowest standard deviation of any pattern analyzed. This reliability makes it particularly suit-
able for conservative strategies and systematic approaches where consistent performance is
valued over maximum returns.

Moderate Reliability Patterns:

Head and Shoulders patterns (53.4% ± 11.5%) provide modest outperformance with reasonable
consistency. While not exceptional, these patterns may have value when combined with other
technical or fundamental indicators as part of a comprehensive analysis framework.

Unreliable Patterns:
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Six patterns fail to consistently exceed random chance, with Double Bottom and Double Top
patterns showing particularly poor performance. These patterns should be avoided in system-
atic strategies and used only with extreme caution in discretionary trading approaches.

The high volatility in many patterns (standard deviations exceeding 20%) indicates that even
successful patterns can fail dramatically in certain market conditions. This volatility neces-
sitates robust risk management and position sizing strategies that account for the significant
uncertainty in pattern outcomes.

Market Microstructure Implications

The varying effectiveness of chart patterns across time frames and asset classes reveals impor-
tant insights about market microstructure and efficiency.

Information Efficiency and Time Horizons

The superior performance of patterns over longer time frames suggests that while markets may
be relatively efficient in processing short-term information, longer-term structural inefficiencies
persist. This finding aligns with the adaptive market hypothesis, which proposes that market
efficiency varies over time and across different market segments.

Short-term pattern failures likely reflect the dominance of algorithmic trading, high-frequency
trading, and institutional program trading that quickly arbitrage away technical opportunities.
The random walk nature of short-term price movements overwhelms pattern-based signals,
making technical analysis ineffective for frequent trading.

Behavioral Finance Perspectives

Longer-term pattern success may reflect persistent behavioral biases that create exploitable
opportunities. Momentum and herding effects operate over extended periods, potentially cre-
ating the market conditions necessary for chart pattern formation and resolution. Institutional
investors’ gradual accumulation and distribution processes may also contribute to pattern for-
mation over longer horizons.

The variation in pattern effectiveness across different pattern types suggests that some for-
mations better capture fundamental market psychology than others. Wedge patterns’ success
may reflect their ability to identify periods of diminishing volatility that precede significant
directional moves, while reversal patterns may suffer from premature identification or false
signals.
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Practical Implications for Traders and Investors

The research findings have profound implications for both trading strategies and investment
approaches.

Trading Strategy Optimization

For active traders, the results strongly discourage reliance on chart patterns for short-term
strategies. The poor performance and high volatility of patterns over intraday and weekly time
frames make them unsuitable for day trading, scalping, or other frequent trading approaches.
Traders employing such strategies should focus on market microstructure analysis, momentum
indicators, or fundamental catalysts rather than classical chart patterns.

For swing traders operating over monthly to quarterly horizons, selective use of high-
performing patterns may provide modest edge. However, the increased volatility in
medium-term performance requires robust risk management and careful position sizing. Suc-
cessful application likely requires combining pattern analysis with other technical indicators,
fundamental analysis, or market sentiment measures. Investment Decision Framework

Long-term investors may find value in incorporating chart pattern analysis into their decision-
making process, particularly for timing entry and exit points for strategic positions. The
more stable performance over longer horizons suggests that patterns may help identify major
inflection points in asset prices.

However, the modest outperformance over random chance means that pattern analysis should
complement, not replace, fundamental analysis and strategic asset allocation decisions. The
greatest value may come from using patterns to optimize the timing of investment decisions
that are primarily driven by fundamental factors.

Risk Management Considerations

The high volatility observed in most patterns necessitates sophisticated risk management ap-
proaches. Position sizing should account for the significant uncertainty in pattern outcomes,
with larger positions reserved for the most reliable patterns and market conditions. Stop-loss
strategies become critical given the potential for dramatic pattern failures.

Diversification across multiple patterns and asset classes may help smooth performance, though
the research suggests that over-diversification into poor-performing patterns may actually harm
overall results. Focus on the highest-quality patterns appears more beneficial than broad
pattern diversification.

Limitations and Future Research Directions

This study, while comprehensive, faces several important limitations that suggest directions
for future research.
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Return Magnitude Analysis

The current analysis focuses solely on success probability without considering the magnitude of
gains or losses. A pattern with 45% success rate could still be profitable if winning trades sig-
nificantly exceed losing trades in magnitude. Future research should incorporate risk-adjusted
return analysis to provide a more complete picture of pattern profitability.

Transaction Cost Impact Real-world trading involves significant transaction costs, includ-
ing bid-ask spreads, commissions, and market impact. These costs may eliminate the modest
edges identified in this study, particularly for shorter-term applications. Future analysis should
incorporate realistic transaction cost models to assess net profitability.

Market Regime Dependency

The study aggregates results across all market conditions without distinguishing between bull
markets, bear markets, and ranging periods. Pattern effectiveness may vary significantly
across different market regimes, with some patterns performing better in trending markets
while others excel in ranging conditions.

Confirmation and Filtering

This analysis examines patterns in isolation without considering confirmation signals or fil-
tering criteria that experienced analysts typically employ. Volume confirmation, momentum
indicators, and fundamental factors may significantly enhance pattern reliability when used
in combination with basic pattern recognition.

Machine Learning Enhancement

Advanced machine learning techniques could potentially improve pattern recognition accuracy
and identify optimal filtering criteria. Deep learning models might recognize subtle pattern
variations that traditional analysis misses, potentially improving success rates for systematic
applications.

Conclusion

This comprehensive empirical analysis of chart patterns across global asset classes and multi-
ple time frames provides definitive evidence about their predictive capabilities. The findings
fundamentally challenge many assumptions about technical analysis while identifying specific
contexts where patterns may retain value.

The research demonstrates that chart patterns are largely ineffective for short-term trading
applications, with most patterns failing to exceed random chance over intraday and weekly
horizons. The high volatility in short-term performance makes systematic application imprac-
tical for frequent trading strategies. This finding has profound implications for the day trading
and scalping communities that often rely heavily on technical analysis.
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However, the study identifies potential value in longer-term applications, particularly for
investment-oriented strategies. The convergence of success rates around 51-52% over multi-
year horizons suggests that patterns may capture genuine market structure rather than random
noise. While this edge is modest, it may provide meaningful value when properly integrated
into comprehensive investment processes.

The clear hierarchy of pattern performance indicates that selectivity is crucial. Focusing on the
top-performing patterns—Rising Wedges, Falling Wedges, and Inverse Head and Shoulders—
while avoiding poor performers like Double Tops and Double Bottoms could significantly im-
prove overall results. This finding suggests that broader technical analysis education should
emphasize pattern selection rather than comprehensive pattern recognition.

For practitioners, the most actionable insight is that chart patterns require careful application
within appropriate contexts. They work best over longer time horizons, in traditional equity
markets, and when combined with robust risk management. The statistical evidence suggests
that classical chart patterns are not a panacea for market prediction but may provide modest
value as one component of a diversified analytical framework.

The research ultimately supports a nuanced view of technical analysis that acknowledges both
its limitations and potential applications. While chart patterns cannot reliably generate consis-
tent trading profits, they may assist in timing decisions within broader investment strategies.
This finding aligns with the efficient market hypothesis while recognizing the persistent ineffi-
ciencies that may create exploitable opportunities over longer horizons.

Future research should focus on enhancing pattern effectiveness through improved filtering
criteria, combination with other analytical techniques, and application of advanced machine
learning methods. The goal should be to identify the specific conditions under which chart
patterns provide maximum value rather than seeking universal applicability across all market
conditions and time frames.

This notebook was converted with convert.ploomber.io
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